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Blockchain

Decentralised and distributed

ledger technology that securely
records and verifies transactions

across a network of computers




Digital Twin (DT)

virtual (digital)

continuous accurate
reflection

real-time monitoring
analysis simulation




Artificial

Intelligence (Al)

Simulation of human
intelligence by software-coded
heuristics

Definition by Investopedia, and image so

urce is https://www.neilsahota.com/what-is-artificial-intelligence-how-does-it-work/
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Challenges

Blockchain scalability

Digital twin synchronisation
Low fidelity vs high fidelity

Al models accuracy and adaptability
Data availability for training Al models
Lack of standards and frameworks




Highlights

loV-TwinChain enhances road safety by proactively monitoring
vehicle operating conditions

Digital Twin enables real-time monitoring and simulation
of vehicle operating conditions

Machine learning facilitates data-driven predictions for
vehicle predictive maintenance

Blockchain guarantees data integrity and traceability across the
physical vehicle and its twin
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